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The ensemble members have the same ocn/Ind/ice initial
conditions, but a small random perturbation was added to the
initial atm temperature field.
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Decadal Predictability

Initial-value predictability: P (t) vs. P (t)
Forced predictability: P (t) vs. P(O)
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Decadal Predictability
Measured by Relative Entropy

Initial-value predictability: P (t) vs. P (t)
Forced predictability: P (t) vs. P (0)

Kleeman (2002)
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How does Climate Change Affect Temperature Variability

increase in mean

increase in both mean and
— variance
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JJA Surface Air Temperature Change
from 1980-2010 to 2070-2100 in CESM1
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Great Plains Heat Wave Composite
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Percentage change in JJA mean soil moisture
from 1980-2010 to 2070-2100 in CESM1
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Looking forward...

~2003

~2006-2007 ~2013-2014

cCsM1.4,T31 CCSM3.0, T42 CESM1.0

 Extremes due to

* Decadal variability change

predictability

As “large ensemble” has become a standard research approach, think about:

How to store and analyze large datasets?
What are the scientific problems that you want to investigate
with this approach?
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